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Transformer-based model

Dong, Chao, et al. "Image super-resolution using deep convolutional networks." /EEE transactions on pattern analysis and machine intelligence38.2 (2015)

Dosovitskiy, Alexey, et al. "An image is worth 16x16 words: Transformers for image recognition at scale." arXiv preprint arXiv.2010.77929(2020)
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